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Abstract
The Indian automative industry shifts towards the transition from gasoline- powered vehicles to
Electric Vehicles (EVs) emphasizing the understanding of key drivers for the EVs adoption. The
study investigated the factors affecting EVs adoption with moderating effects of Technology
Readiness and Social Influence. The study investigated how TR and SI moderated the relationship
between key variables like Perceived Benefits (PB), Environmental Attitude (EA), Government
Incentives (GI) and Perceived Barriers (PBA). The quantitative research approach was used to
collect data from existing and non-existing EV owners. Technology Readiness (TR) was found to
moderate the relationship between Perceived Benefits (PB) and Intentions to Purchase (IP)
indicating technology ready people can translate their perceived benefits into purchase decision.
Social Influence (SI) positively moderated the relationship between Perceived Benefits (PB) and
Intentions to Purchase (IP) as well as Perceived Barriers (PBA) and Intentions to Purchase (IP)
indicating individuals are highly affected by social influence to overcome their perceived barriers
to purchase EVs. Technology Readiness (TR) was not found to be moderated on Perceived Barriers
(PBA) and Government Incentives (GI). Social Influence (SI) was also not found to moderate on
Environmental Attitude (EA).
Keywords: Electric Vehicle (EV) Adoption, Structural Equation Model, PLS-SEM, Factors
Affecting EV, Moderation Analysis.
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Introduction

Electric vehicles (EVs) have started catching
eyes on Indian roads now a day but they are not
common as compared to gasoline-powered
vehicles yet. India, the third-largest car market
n.d.) [1] has started
witnessing increased pollution in the biggest

(www.ETAuto.com,
cities as the transportation industry has

witnessed tremendous  growth. India’s
automative landscape has started witnessing a
tremendous transformation now a days. The
adoption of electric vehicles (EVs) seems to be
promising solution to reducing carbon
footprints, environment concerns and growing
energy security issues (Chen & Fan, 2023; X.
Zhang &amp; Zhao, 2023; Tripathy et al.,
2022; Song et al., 2022) [2][3][4] 5]. Climate
change has now become more serious issue
and most of the governments have started
making policies about protecting an
environment. Adoption of EVs might seem to
be a feasible outcome to reducing carbon
footprints and there is a growing need to find
alternative means of transportation (Digalwar
&amp; Giridhar, 2015; Kumar et al., 2015;
Sonar &amp; Kulkarni, 2021) [6][7][8]. India
has joined hands with global countries in
reducing carbon footprints and support green

initiative by setting a target of transforming 30
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percent of traditional vehicles in to EVs by
2030 (Hema &amp; Venkatarangan, 2022) [
9]. However, adoption of EVs in India is not
promising as electric vehicles constituting
6.38% of total car sales of 2023 (Singh, 2023)
[10]. This slow adoption of EVs in India is a
complex phenomenon influenced by various
factors. On one hand, the Government of India
(Gol) has
policies like Electric Mobility Promotion
Scheme (EMPS) 2024, Phased Manufacturing
Programme (PMP) to promote indigenous

initiated various promotional

manufacturing of EVs, Faster Adoption and
Manufacturing of Hybrid and Electric Vehicles
(FAME), National Electric Mobility Mission
Plan (NEMMP) and EV30@30 Campaign
(KPMG India, 2024) [11]. On the other hand,
challenges such as upfront cost (Fan etal.,
2021) [12], consumer skepticism and limited
charging infrastructure (Albert et al., 2022) [
13], battery capacity (Tu et al., 2020) [14],
continue to hinder the widespread adoption of
EVs in India (Javadnejad et al., 2023) [15].
Understanding the factors that hinder EV
adoption in India

is crucial for manufacturers, policy makers and
environmentalists etc. Previous studies have

explored various aspects of EVs adoption
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globally, but the unique socio-economic aspect
in Indian context necessitates a focused
analysis. This research aims to fill that gap by
providing a comprehensive analysis of the
factors shaping EV adoption intentions and
behaviors in India. The study employs a multi-
dimensional approach, considering a range of
variables that potentially influence an
individual’s decision to adopt an EV. These
include environmental attitudes, perceived
benefits social

and Dbarriers, influence,

government incentives, and technology
readiness. By examining these factors, a
holistic picture of the EV adoption process in
India can be analyzed.

Review of Literature

Many researchers (R. R. Kumar &amp; Alok,
2020; Tarei et al., 2021; Das &amp; Bhat,
2022) [16][17][18] have devised researches for
identifying barriers that hinder the adoption of
EVs in many geographical locations. R. R.
Kumar and Alok (2020) [ 16] identified
various factors which were regarded as barriers
to the adoption of EVs namely resilience of
charging infrastructure, dealership experience,
marketing strategies, total cost of ownership
and alike. In order to give ranks and identify
barriers to the EV adoption in India, Tarei et

al., (2021) [17] used Best-Worst Method
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(BWM). After identifying barriers like cost of
ownership, lack of charging infrastructure,
performance and range etc., Interpretative
Structural Modeling (ISM) was used to
establish mutual relationship among sub-
barriers. Fu et al. (2021) [19] used block-chain
technology to propose private charging pile
sharing system. In order to recover from the
trauma of pandemic, many companies started
to devise policies for the EV adoption
(Razmjoo et al., 2022) [20]. Many researchers
(Bhat et al., 2021; Gunawan et al., 2022; Singh
etal., 2023) [21][22][23] undertaken cross-
cultural studies to understand the adoption
patterns of EVs. In order to understand the
individual’s behavior, (Barbarossa et al., 2017)
[ 24] studied value-belief-norms (VBN) model
which provides detailed information about
user’s belief, values and norms for their
particular  behavior. Many researchers
considered various factors responsible for the
adoption of EVs like government subsidies and
incentives (Brady &amp; O’Mahony, 2011)
[25], infrastructural requirements (Langbroek
et al., 2016) [26], and climate change (Vidhi
&amp; Shrivastava, 2018) [27]. In India, many
policies were framed to incentivize EVs.
Researchers have also identified financial

assistance/incentives to consumers as main
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factor for the adoption of EVs like incentives

(Potoglou &amp; Kanaroglou, 2007) [28], user
preferences for BEV (battery-electric) and
PHEV (plug-in electric) (Helveston et al.,
2015) [29] and promotional incentives for
NEV (new electric vehicle) adoption (N. Wang
etal., 2017) [30].

Wang et al. (2017) [ 31] emphasized on three
types of promotional measures to analyze the
adoption of EVs namely financial incentives
measures, convenience policy measures and
information provision policy measures (Sun et
al., 2023) [32] and also investigated user’s
environmental concern as moderator for the
adoption of EVs. Various factors were
regarded as the drivers for the huge adoption of
BEVs (battery-electric vehicles) like energy
efficiency, upfront cost and carbon footprints
(Peters &amp; Dutschke, 2014) [33].
Consumer intentions for the adoption of EVs
are also affected/ moderated by various
demographic factors like age, education and
other moderators like charging infrastructure,
fuel cost, environmental effect and alike
(Hackbarth &amp; Madlener, 2016) [34]. The
study of Hidrue et al. (2011) [ 35] revealed fuel
cost, charging time and driving range as the
driving forces for the adoption of BEVs
whereas Biihler et al. (2014) [36] ’s study
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revealed low noise, purchasing cost, driving
range and family charging piles as the main
influential factors in addition to home charging
facility as main motivator for the adoption of
EVs. Zhang et al. (2011) [37] argued family
members, number of cars and governance
policies as the main factors for the adoption of
EVs (V. Singh et al., 2020) [38] whereas
battery capacity (range) was to be regarded as
main barrier (Adepetu &amp; Keshav, 2017 ;
Barth et al., 2016 ; Dumortier et al., 2015;
Egbue &amp; Long, 2012 ; Khazaei &amp;
Tareq, 2021) [39][40][41][42][43].

Free parking, financial incentives, preferential
tax and government policies were also
regarded as the positive factors for the EVs
adoption (Hackbarth &amp; Madlener, 2016;
Helveston et al., 2015; Y. Zhang et al., 2011;
Khazaei &amp; Tareq, 2021) [ 34] [29] [ 37] [
43]. The purchase of a product is generally
affected by the individual’s perception of the
perceived economic benefits that the product
has (Lai et al., 2015) [44]. The increasing cost
of gasoline is also the main motivator for the
huge adoption of EVs (Ing, 2011) [45].
Research Gap

In the context of Indian EV market, there has

been a lack of comprehensive research on the
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moderating effects of individual characteristics

for adoption of EV although previous studies
have been undertaken to examine the EV
adoption in various contexts. There have been
various studies on TR, it’s specific role for
adoption of EVs in emerging markets like
India is unexplored. TR’s role as moderator for
key variables included in the study in the
context of Indian market is new. Social
Influence (SI) has also been studied well in the
literature, though it’s role in diverse culture
like India is unexplored where people’s norms
and social effects play the most important role
in the adoption intentions. Most of the studies
are cross-sectional lacking proper exposure as
the how these relationships among variables
and moderators

evolve over time. There has been a lack of
comprehensive study which provides insights
of how TR and SI’s moderating effects on
adoption intentions change as the market grow
and matures as well as consumers’ exposure to
EV  increases. India’s  socio-economic
landscape has a vast disparity in income,
technological adaptation and significant
variations in adoption intentions of EVs. This
necessitates more detailed study of how these
factors moderate the relationships of various

underlying constructs to the adoption of EVs.
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Objectives
1) To analyze how individual and contextual
(PB),

Environmental Attitude (EA), Government

variables like Perceived Benefits
Incentives (GI) and Perceived Barriers (PBA)
influence the strength and direction of
relationships with Intentions to Purchase (IP)
in Indian context.

2) To analyze how Technology Readiness
(TR) moderates the relationship between key
variables and EV purchase intentions.
Influence (SI)
moderates the effects of various key constructs

3) To assess how Social

on the purchase intentions of EV in Indian
context.

4) To contribute in developing effective and
more targeted promotional and marketing
strategies that consider moderating effects for
certain individual and contextual factors for
EV adoption in Indian market. Through
emphasizing the above objectives, the study
focuses on providing more effective and
context-specific insights catered to Indian EV
market. This research won’t only support
academic literature but also offer practical
implementation for the manufacturers, policy-
makers and other beneficiaries seeking to
expand EV adoption across various segments

in Indian market.
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Hypotheses Technology Readiness (TR) as

Moderator:
On the basis of Technology Readiness Index
(TRI) (2000)  [46],

Technology readiness increases individual’s

by  Parasuraman

propensity to adopt new technology easily as it
enhances his/her
technology (Son &amp; Han, 2011) [47].
Parasuraman &amp; Colby (2015) [48] came
up with TRI 2.0 which indicates that TR
significantly moderates the

perceived benefits of

relationship
between perceived usefulness and technology
adoption intentions across various
technologies. In the context of Enterprise
Resource Planning (ERP) system, Godoe and
Johansen (2012) [ 49] studied moderating
(TR),

concluding that TR strengthened the positive

effects of Technology Readiness

relationship between perceived usefulness and
adoption intention. Technology Readiness
(TR) also moderates the relationship between
performance expectancy (e.g. perceived
benefits) and intentions to use EVs for the
individuals with higher TR, in the context of
electric vehicles (EVs) (Higueras-Castillo et
al., 2019) [ 50]. This indicates that TR
positively moderates the relationship between
Perceived Benefits (PB) and Intentions to

Purchase (IP). From the work of Walczuch et
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al. (2007) [51], it can be drawn that technology
savvy individuals are less inclined to the
perceptions of complexities of new
technology. Tech savvy individuals might
have more awareness and they are more
responsive to the government’s new policies
and incentives for new technology (Claudy et
al., 2015) [ 52]. Based on the above literature,
Technology Readiness (TR) can be
hypothesized as follows:

H1: Technology Readiness (TR) moderates
the relationship between Perceived Benefits
(PB) and Intentions to Purchase (IP) EVs
indicating stronger relationship for individuals
with higher Technology Readiness (TR).

H2: Technology Readiness (TR) moderates
the relationship between Perceived Barriers
(PBA) and Intentions to Purchase (IP) EVs, in
such a manner that the relationship is weaker
for individuals with higher
Readiness (TR).

H3: Technology Readiness (TR) moderates

Technology

the  relationship  between  Government
Incentives (GI) and Intentions to Purchase (IP)
EVs, in such a way that the relationship is
stronger in individuals with higher Technology
Readiness (TR).

Social Influence as Moderator:

Patel, N.L., Patel, K.A. & Datta, J.S.

278




# A
=
e
CER)

Shodh Sari-An International Multidisciplinary Journal

@2024 International Council for Education Research and Training

ISSN: 2959-1376
Based on the Theory of Reasoned Action

(TRA) (Ajzen &amp; Fishbein, 2000) [ 53]
and studies of Jansson et al. (2017) [ 54], it can
be drawn that social norms positively lead to
personal norms and enhance eco-innovation
adoptions. Drawing from Social Cognitive
Theory (SCT) by Bandura (2002) [55], and
(2013) [56],

highlighted how social influence affected

work from Axsen et al.

perceived benefits of EVs. On the basis of
Diffusion of Innovation Theory (DIT) by
Rogers (2003) [ 57] and work from Arts et al.
(2011) [ 58], it can be viewed how social
influence could help remove perceived barriers
to the technology adoption. Based on the above
literature, Social Influence (SI) can be
hypothesized as follows:

H4: Social Influence (SI) positively moderates
the relationship between Environmental
Attitudes (EA) and Intentions to Purchase (IP)
EVs, in such a way that the relationship is
stronger for individuals with higher SI.

H5: Social Influence (SI) positively moderates
the relationship between Perceived Benefits
(PB) and Intentions to Purchase (IP) EVs, in
such a way that the relationship is stronger for
individuals with higher SI.

H6: Social Influence (SI)

moderates the relationship between Perceived

negatively

2024, Vol. 03, Issue 04, 273-293
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Barriers (PBA) and Intentions to Purchase (IP)
EVs, in such a way that the relationship is
weaker for individuals with higher SI.
Research Methodology

With a view to examining the moderating
effects for the adoption of EVs in Indian
market, the quantitative approach was used.
The survey method was employed to collect
data from both EV owners and non-owners
across different regions of India. Using
structured questionnaire, a sample of 647
respondents was collected online to reach the
diverse population. The collected samples
included various respondents based on
different age, income levels, geographical
regions, i.e. urban and rural to ensure the
diversity and heterogeneity of Indian
population. The questionnaire includes various
items representing key constructs namely
(PB), Environmental
Social Influence (SI),
(PBA),
Readiness (TR), Government Incentives (GI)

These

Perceived Benefits
Attitudes (EA),
Perceived Barriers Technology
and Intentions to Purchase (IP).
constructs were adopted from the

previous literature and adapted to suit the
Indian context. All these items in constructs
were measured on 7-point Likert scale. The

demographic information was also collected to
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be used as moderators in the analysis. In order

to analyze the questionnaire through SmartPLS
4.1 (Ringle et al., 2024) [59], Partial Least
Squares Structural Equation Modeling (PLS-
SEM) was used as it is well-suited for
modeling complex relationships among
underlying constructs and it doesn’t require
normality of data.

Data Analysis

Data Screening: the collected responses were
analyzed for missing data treatment. No
missing data were found in the preliminary
screening. Further, all the responses were
assessed for outliers using Mahalanobis
(“Reprint Of,” 2018) [ 60] distance in SPSS 26.
In outlier detection, total 39 outliers were
detected and removed in order to mitigate any
incongruency of statistical tests. Thus, out of
647 data, only 608 were remained and tested
for the further analysis.
Measurement Model Testing with the
Inclusion of Moderator: After the inclusion
of moderator variables in the PLS-SEM model,
the reliability and validity of the measurement
model of the moderator variables was carried
out (Vinzi et al., 2010) [61].

First, the measurement model’s reliability was

assessed through Cronbach’s alpha (a)) and

2024, Vol. 03, Issue 04, 273-293
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rho _a(p A). The Cronbach’s alpha (a) of 0.814
(SI) and 0.887 (TR) were higher than threshold
value of 0.7 (Sun et al., 2023) [ 32] indicating
all the constructs are reliable. The composite
reliability (p A) values of 0.852 (SI) and 0.888
(TR) indicated internal consistency reliability
among the underlying constructs. The
convergent validity was also assessed through
AVE and cross-loadings. All the indicators’
loadings of two moderator variables were
higher than 0.70 such that 0.761 (SI1), 0.835
(SI2), 0.718 (SI3), 0.852 (Sl4), 0.867 (TR1),
0.839 (TR2), 0.871 (TR3) and 0.877 (TR4).
AVE values of 0.629 (SI) and 0.746 (TR)
indicated that the convergent validity was
established providing support for the
convergent validity of the two moderators Sl
and TR. In terms of discriminant validity of Sl,
the HTMT values of 0.193 (SI-&gt; PB), 0.144
(SI-&gt; PBA) and 0.268 (SI-&gt; EA)
indicated that the discriminant validity of Sl
was established. Similarly, the HTMT values
of TR with PB (0.823), PBA (0.759) and Gl
(0.758) indicated that the discriminant validity
was firmly established. Thus, the measurement
model was successfully assessed after the
inclusion of moderator variables and their
interaction effects.

Modelling the Moderating Effects:
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With a view to modeling the moderating

effects of the interaction term in the PLS path
model (Vinzi et al., 2010) [61], several
approaches are used namely product-indicator
approach, two-stage approach and
orthogonalizing approach (Henseler &amp;
Chin, 2010) [ 62]. In these approaches, the first
two approaches namely product indicators
approach and two-stage approach are often
used in modelling the moderating effects in
PLS-SEM (Fassott et al., 2016) [63]. Henseler
The simple effect of PB on IP is 0.335
indicating respondents’ perceived intentions to
purchase EVs are greatly affected by their
perceived benefits of EVs. Thus, for average
level of TR, the relationship between PB-&gt;
IP is 0.335 indicating higher effect of PB on IP.
For higher levels of TR (e.g. TR is increased 1
SD unit), the relationship between PB and IP
(PB-&gt;
interaction term (i.e., 0.335 + [1 x 0.028] =
0.363). This indicates that for individuals with

higher level of TR, the relationship between

IP) increases by the value of

Perceived Benefits and Intentions to Purchase
(PB-&gt; IP) is stronger. Thus, the overall
impact of PB on IP (PB-&gt; IP) becomes
increasingly positive as TR increases. On the
contrary, for lower levels of TR (e.g. TR is
decreased 1 SD unit), the relationship between
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and Fassott (2010) [ 64] tested the superiority
of two-stage approach over product-indicator
approach while testing PLS-SEM model
formatively. Thus, with a view to modeling the
moderating effects of the interaction terms of
both moderators, two-stage approach was used
which is built-in approach in SmartPLS 4.1
and higher the interaction term (TR x PB) has
a positive impact on IP (0.028) indicating that
the effect of PB on IP becomes stronger as TR
increases.

PB and IP (PB-&gt;
influential slightly (e.g., 0.335 + [-1 x 0.028] =
0.307). In terms of interaction term (TR x
PBA), the effect is negative on IP (0.020) and
the simple effect of PBA-&gt; IP is -0.034. The
negative simple effect PBA-&gt; IP = 0.034

IP) becomes less

shows the negative impact of PBA on IP
indicating decrease in IP with the increase in
PBA. Thus, as people perceive more barriers,
their intentions to purchase decreases. At
higher-level of TR (e.g., TR is increased 1 SD
unit), the negative effect of PBA-&gt; IP (-
0.034) is weaker (e.g., -0.034 + [1 x 0.020] = -
0.014). This indicates that for people with
higher level of TR, they perceive less barriers
to the purchase/adoption of EVs. Similarly, at
low level of TR (i.e., TR is decreased 1 SD
unit), the negative effect of PBA-&gt; IP is
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stronger (e.g., -0.034+ [-1 x 0.020] = -0.054).

Thus, as TR increases, the negative effect of
PBA on IP becomes less intense and as TR
decreases, the negative impact of PBA on IP
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becomes more intense. Thus, for people having
lower Technology Readiness (TR), Perceived
Barriers (PBA) have a stronger negative
impact on their Intentions to Purchase (IP).

Figure 1. EV Adoption Moderation Model

The simple effect of Gl-&gt; IP (0.428)
indicates Government Incentives (GI) have
more influence on Intentions to Purchase (IP)
EVs. The interaction term (TR x GI) has a
negative impact (-0.090) on IP. Jointly, simple
effect and the interaction effects both indicate
the relationship between Gl and IP at 0.428 for
an average level of TR. As TR increases (e.g.,
TR increases 1 SD unit), the positive impact of
Gl on PI (GI-&gt; PI) becomes weaker (0.428
[1x-0.090] = 0.338). This indicates that people

with  higher TR perceive Government
Incentives (Gl) less affected on their intentions
to purchase. Similarly, at low level of TR (e.g.,
TR decreases 1 SD unit), the effect of GI-&gt;
Pl becomes less intense (0.428 + [-1 x -0.090]
=0.518). This indicates that for people with
(TR),

Government Incentives (GI) play crucial role

lower Technology readiness

in their Intentions to Purchase (IP). In terms of
the simple effect of EA-&gt; IP, it is 0.149
indicating

moderate  relationship  of
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Environmental Attitude (EA) and Intentions to

Purchase (IP). This suggest that as individuals’
environmental  attitude  increase, their
intentions to purchase EVs also increase. The
interaction term (EA x SI)-&gt; IP has negative
value of -0.005 which indicates very small
negative moderating effect. At high level of SI
(e.g., If Sl increases 1 SD), the positive effect
of EA-&gt; IP becomes slightly lesser (0.149 +
[1x-0.005] = 0.144). This indicates that
individuals having higher Social Influence
Attitude (EA) has

marginally smaller impact on Intentions to

(SI), Environmental

Purchase (IP). Similarly, at low level of Sl
(e.g., SI decreases 1 SD unit), the positive
effect of EA-&gt; IP strengthens slightly
(0.149 + [-1 x -0.005] = 0.154). The interaction
term (SI x PBA)-&gt; IP is 0.265 which
indicates stronger positive moderating effect of
Sl on the relationship between PBA-&gt; IP.
At high level of SI (e.g., If Sl increases 1 SD
unit), the effect of PBA-&gt; IP changes to
moderately positive (-0.034 + [1 + 0.265] =
0.231). It means that people having stronger
social influence will have stronger intentions
to purchase which are unaffected by their
perceived barriers to EVs. At low level of SI
(e.g., If Sl decreases 1 SD unit), then negative
effect of PBA-&gt; IP becomes more negative

2024, Vol. 03, Issue 04, 273-293
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((0.034 + [1 + 0.265] = -0.299). This

indicates that people with lower social
influence have stronger negative perceived
barriers to the purchase intentions of EVs. In
terms of the simple effect of PB-&gt; IP, it is
0.335

Perceived Benefits (PB) and Intentions to

indicating stronger relationship of
Purchase (IP). This suggest that as individuals
perceive more benefits, their intentions to
purchase EVs also increase. The interaction
term (SI x PB)-&gt; IP has positive value of
0.183 which indicates moderate to stronger
moderating effect of SI on Perceived Benefits
and Intentions to Purchase. At high level of Sl
(e.g., If Sl increases 1 SD unit), the positive
effect of PB-&gt; IP becomes stronger (0.335
+ [1 x 0.183] = 0.518). This indicates that
individuals having higher Social Influence
(SI), Perceived Benefits (PB) have stronger
positive impact on Intentions to Purchase (IP).
Similarly, at low level of Sl (e.g., SI decreases
1SD unit), the positive effect of PB-&gt; IP
strengthens slightly (0.335 + [-1 x 0.183] =
0.152). this indicates that for individuals with
lower Social Influence (Sl), their Perceived
Benefits (PB) have a weaker influence on their
Intentions to Purchase (IP), but this influence
is still positive.

Result Analysis
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After modeling the moderating effects for both

the moderators, SI and TR, their significance
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was also assessed through bootstrapping. The

results are depicted in Table-1 as under:

Table 1. Significance of the Moderation Paths

T

PATH HYPOTHESIS BETA (B) DECISION
STATISTIC  VALUE
TR x PB->IP ' 1 0.028 2.545 016 Accepted
TR x PBA->IP H2 0.02 0.198 .840 Rejected
TR x GI-=>IP H3 -.09 0.769 443 Rejected
SI x EA->TP H4 -0.005 0.061 951 Rejected
SI x PB->IP HS 0.183 2.056 048 Accepted
SI x PBA->IP H6 0.265 2.172 030 Accepted

TR = Technology Readiness, SI= Social Influence, PB= Perceived Benefits, PBA= Perceived

Barriers, Gl= Government Incentives, EA=Environmental Attitude.

H1 evaluates that Technology Readiness (TR)
moderates the relationship between Perceived

Benefits (PB) and Intentions to Purchase (IP).
The results revealed that the main effect (PB-

&tip) was significant (p =0.335,t=3.094,p=
.002). The interaction effect (TR x PB)-&gt; IP
was also significant (f = 0.028, t =2.545,p =
.016). This
Readiness (TR) positively moderates the

indicates that Technology
relationship between Perceived Benefits (PB)
and Intentions to Purchase (IP). Thus, H1 was
supported. H2 evaluates that Technology
Readiness (TR) moderates the relationship
(PBA) and

Intentions to Purchase (IP) EVs, in such a

between Perceived Barriers

manner that the relationship is weaker for
individuals with higher Technology Readiness
(TR). The main effect was significant

(p=-0.034, t=2.267, p=.012)
negative relationship between PBA-&gt; IP.
The interaction effect (TR x PBA) was not
significant (f = 0.02, t = 0.198, p = .840)
suggesting that Technology Readiness (TR)

indicating

doesn’t moderate the relationship between
Perceived Barriers (PBA) and Intentions to
Purchase (IP). Thus, H2 was not accepted. H3
evaluates that Technology Readiness (TR)
moderates  the  relationship  between
Government Incentives (Gl) and Intentions to

Purchase (IP) EVs, in such a way that the
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relationship is stronger in individuals with

higher Technology Readiness (TR). The
results revealed that the main effect (GI-&gt;
IP) was significant (f = 0.428, t = 5.284, p =
.000) indicating government incentives greatly
leads to higher intentions to purchase
decisions. The interaction effect (TR x GI-&gt;
IP) was not significant (f = -0.09, t = 0.769, p
= .443) indicating that Technology Readiness
(TR) does not moderate the relationship
between Government Incentives (GI) and
Intention to Purchase (IP) in any meaningful
way rejecting H3. H4 evaluates that Social
Influence (SI) positively moderates the
relationship between Environmental Attitudes
(EA) and Intentions to Purchase (IP) EVs, in
such a way that the relationship is stronger for
individuals with higher SI. The main effect
(EA-&gt; IP) was significant (B = 0.149, t =
1.987, p = .048) indicating environmental
attitudes of individuals lead to higher
intentions to purchase EVs. The results
revealed that the moderating effect of SI (SI x
EA-&gt; IP) was not significant (f = -0.005, t
=0.061, p =.951) indicating there is no
significant moderation by Sl on relationship
IP. Thus,

accepted. H5 evaluates that Social Influence

between SI-&gt; H4 was not

(SI) positively moderates the relationship

2024, Vol. 03, Issue 04, 273-293
DOI: https://doi.org/10.59231/SARI7762

Perceived Benefits (PB) and

Intentions to Purchase (IP) EVs, in such a way

between

that the relationship is stronger for individuals
with higher SI. Without moderation, the main
effect was significant (B=0.335, t=3.094,
p=.002) indicating the higher the perceived
benefits of EVs, the higher the intentions to
purchase them. The interaction effect (SI x PB-
&gt; IP) was also significant (B=0.183,
t=2.056, p=.048) indicating Social Influence
(SI) has a noticeable impact on how Perceived
Benefits (PB) affect Intention to Purchase (IP)
EVs. Thus, H5 was supported. H6 evaluates
that Social Influence (SI) negatively moderates
the relationship between Perceived Barriers
(PBA) and Intentions to Purchase (IP) EVs, in
such a way that the relationship is weaker for
individuals with higher SI. The results revealed
that the effect was significant ($=0.265,
t=2.172, p=.03). Thus, individuals with high
level of social influence have no barriers to
their intentions to purchase EVs adoption.
Conclusion

This research study, through considering the
moderating effects of both the variables, Social
Influence (SI) and Technology Readiness
(TR), has focused on the investigation of
factors influencing the adoption intentions for
EVs in India. It was observed that individuals
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with higher technology readiness and social

influence in themselves are more likely to
transform the perceived benefits of EVs into
purchase intentions. Perceived Barriers were
found to be highly moderated by Social
Influence (SI) as SI weakened the negative
relationship between Perceived Barriers (PBA)
and Intentions to Purchase (IP). Individuals
who are prone to social changes are more likely
to be unaffected by perceived barriers to adopt
EVs. Significant moderation effects were not
found for Technology Readiness (TR) on
Government Incentives (GI) and Perceived
Barriers (PBA). This

extended by including other moderators or

research could be

exploring the mechanism inside these
moderating effects in the study. More in- depth
views could be gathered by including
demographic moderators like age, gender,
income to get the more insights about EVs
adoption in India. In order to accelerate the
transition of EVs adoption for policy-makers,
corporates and researchers, this study provides
valuable insights to develop effective
strategies for the adoption of EVs. More
emphasis should be given to social influence
and community engagement to increase the
perceived benefits on the part of individuals

and overcome their perceived barriers.
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